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Learn/Data Mine/Predict

. Marines in combat require a rapid and flexible logistics
capability. The USMC’s supply and maintenance chain is
imperative to apply advanced data sciences and deep
analytics which are responsive to the 21st century
battlefield.
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simulation platform to improve total readiness of a resilient and agile
USMC logistics enterprise. d Zhao, Y. & Mata, G. (7-10 December, 2020). Leverage Artificial Intelligence to Learn,

[ Recommendations: It is imperative for United States Marine Corps (USMC)  Optimize, and Win (LAILOW) for the Marine maintenance and supply complex system.
to adopt more advanced data sciences, including: machine [Paper presentation]. The 2020 International Symposium on Foundations and
learning/artificial intelligence (ML/AI) techniques to focus on the entire Applications of Big Data Analytics (FAB 2020) in conjunction with the IEEE/ACM
spectrum or end-to-end (E2E) logistic planning for the complex enterprise ASONAM.
of maintenance, supply, transportation, health services, general d Zhao, Y., Hemberg, E., Derbinsky, N., Mata, G., & O'Reilly, U. (2021) Modeling a
engineering, manpower, lesson learned, and finance. Continuous work in complex enterprise using an asymmetrical war game leveraging Soar reinforcement

this area jointly with the development of Global Combat Support System- learning and coevolutionary algorithms. [Manuscript submitted for publication].
Marine Corps (GCSS-MC) is necessary.
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