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a b s t r a c t

Boolean functions are important primitives in different domains of cryptology, complex-
ity and coding theory, and far beyond in different areas of science and technology. In
this paper we connect the tools of cryptology and complexity theory in the domain of
resilient Boolean functions. It is well known that the resiliency of a Boolean function
and its polynomial degree are directly connected. We first show that borrowing an
idea from complexity theory, one can implement resilient Boolean functions on a large
number of variables with little amount of circuit. Further, we also look into the search
techniques used in the construction of resilient Boolean functions to show the existence
and non-existence results of functions with low polynomial degree and high sensitivity
on small number of variables. In the process, we settle some previously open problems.
Finally, we extend the notion of sensitivity to higher order and present a construction
with low polynomial degree and higher order sensitivity exploiting Maiorana-McFarland
functions. The questions we raise identify novel combinatorial problems in the domain
of Boolean functions.

© 2025 Elsevier B.V. All rights are reserved, including those for text and data mining, AI
training, and similar technologies.

1. Introduction

Two of the central properties of Boolean functions studied extensively over the past three decades in complexity theory
re the real polynomial degree pdeg(f ) and sensitivity s(f ) (see Sections Section 2.1, respectively 2.2, for their definitions).

These notions have important implications in the domain of query complexity [2,3] (and not only), where finding functions
ith lower polynomial degree than sensitivity generates more candidates for obtaining super-linear separation between

two of the query complexity models, the classical deterministic and exact quantum models (we say that there is a super-
linear separation between the functions f and g , if |f (x) − g(x)| = ω(x) as x → ∞, where the Landau symbol ω(·) has its
usual meaning, that is, limx→∞

|f (x)−g(x)|
x = ∞).

✩ This is a substantially extended and revised version of the paper ‘‘On Boolean Functions with Low Polynomial Degree and Higher Order Sensitivity
Extended Abstract)" presented in WCC 2022. We rewrote and added computational results in the Sections 1–3, the part presented in WCC 2022.
ections 4 and 5 contain mostly additional results over the workshop version.
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An important open problem, which was studied extensively, was to determine the maximum possible separation
etween sensitivity and polynomial degree. We see that the problem reduces to finding the separation between the
umber of variables and the real polynomial degree in a fully sensitive function (a function f on n variables with s(f ) = n).

Simply put, a necessary and sufficient condition for have full sensitivity in a function f on n variables is to have an input
point x ∈ {0, 1}n such that f (x) = f (xi) (the over-line is the complement of the input), 1 ≤ i ≤ n, where xi is obtained
y altering the value of the ith bit of x. Thus, we fix the output corresponding to some n + 1 input points, of the total 2n

input points, which, interestingly, greatly restricts the real polynomial degree of the function. Without any restriction, a
function that depends on all of its variables can have pdeg(f ) as low as O(log n) (the Landau symbol O(·) has its usual
eaning; specifically, f = O(g) means |f (x)| < cg(x) holds with some constant c > 0, for x sufficiently large). However,
ne of the seminal papers [14] in the study of Boolean functions dictate that pdeg(f ) = Ω

(
s(f )

1
2

)
(the Knuth symbol Ω

s the asymptotic lower bound, that is, f = Ω(g) if and only if g = O(f )). Furthermore, apart from the famous recursive
mplification method (which is also known as the function composition) there does not exist any known method to obtain
unctions with non-constant separation between s(f ) and pdeg(f ). In fact, the maximum known separation between s(f )
nd pdeg(f ) is achieved by finding and recursively amplifying a 6 variable function with s(f ) = 6 and pdeg(f ) = 3 (due
o Kushilevitz [13]). This results in a function f on n = 6d variables with full sensitivity n and polynomial degree of 3d so
hat s(f ) = pdeg(f )log3 6

≈ pdeg(f )1.63 [14].
Interestingly, the real polynomial degree is intrinsically connected to the cryptographically important property of

resiliency r(f ) (see Section 2.1 for the definition). That is, if an n-variable function f has pdeg(f ) = m, then the function
g = f ⊕ Ln is (n − m − 1)-resilient, where Ln is the all variable (symmetric) linear function. In this paper we refer to g
and f as each other’s dual, and we define the dual sensitivity ds(f ) property, where a function g has full dual sensitivity
if and only if there exists a point x ∈ {0, 1}n such that g(x) = g(xi), 1 ≤ i ≤ n. This results in a one-to-one connection
etween the pdeg(f )-s(f ) relationship and r(g)-ds(g) relationship, where g is the dual of f . Resilient Boolean functions
ave received a lot of interest in construction of symmetric ciphers as evident from [4,8,11,17] and references therein.
In this paper, we show that the techniques from complexity theory and cryptology can supplement each other with

respect to combinatorial aspects of Boolean functions. Further we obtain an efficient construction of resilient Boolean
functions from the recursive amplification method referred above, and also settle several questions on the separation for
Boolean functions on small number of variables through the analysis of resilient functions. Further, we exploit a well-
known Maiorana-McFarland construction [5] of highly nonlinear Boolean functions in obtaining certain results related to
higher order sensitivity that we introduce here.

To elaborate, we extend the definition of sensitivity to a stronger notion of kth order sensitivity (dual sensitivity),
here the known measure of sensitivity is interpreted as the first order sensitivity (dual sensitivity). Obtaining a kth
rder sensitive function requires fixing the outputs corresponding to

∑k
i=1

(n
i

)
input points, compared to n + 1 points

in the case of full sensitivity. We discuss the recursive amplification method in this regard and then observe that this
method can be used to obtain super-linear separation between the number of variables and the polynomial degree in
functions with constant order of sensitivity. However, the recursive amplification method cannot be used in its current
form to obtain separation between n and pdeg(f ) for functions with super-constant orders of sensitivity and we need
certain tweaks. Next we study kth order sensitive functions on n variables that have lower polynomial degree using the
Maiorana-McFarland (MM) class of functions, which has been a source of cryptographically important functions for more
than two decades (see [17] for details about Boolean functions, the MM construction, and its cryptographic properties).
n this direction, we develop a construction to obtain super-constant separation between the number of variables n and
eal polynomial degree of functions with super-constant orders o(log n) of sensitivity (the Landau symbol o(·) is used in
= o(g) to mean limx→∞

f (x)
g(x) = 0). That is, we use different properties of resiliency and polynomial degree to obtain

esults and constructions that apply to both paradigms of cryptology and complexity theory.

1.1. Contribution and organization

In this paper we study the relationship between sensitivity and real polynomial degree of Boolean functions using
he connection between real polynomial degree and resiliency, a widely studied property in the domain of complexity
heory and cryptology, respectively. We extend the study of the relationship between sensitivity and polynomial degree
by looking into the resiliency-dual sensitivity relationship as well as the higher order sensitivity, which we define by
naturally extending the notion of sensitivity.

In Section 2, which explains certain background materials, we describe the properties of sensitivity, resiliency and
real polynomial degree of Boolean functions. We then define dual sensitivity, so that there is a one-to-one connection
between ‘‘resiliency-dual sensitivity’’ and ‘‘polynomial degree-sensitivity’’. Next, we extend the notion of sensitivity to
higher kth order sensitivity and correspondingly, we define higher order dual sensitivity and finally describe the need
for understanding the hierarchy that is thus created. We also refer to some of the cryptographically and complexity
theoretically important properties of Boolean functions, like noise sensitivity and variable influence.

In Section 3 we describe the recursive amplification (function composition) method, which has been used to obtain
uper-linear separation between sensitivity s(f ) and polynomial degree pdeg(f ) in the domain of complexity theory,
among other applications. We first tweak this method so that it can admit a larger class of base functions to give the
esired s(f ) − pdeg(f ) advantage, which is not directly possible in its original form. We then show how this technique
139
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can be used to obtain functions with very high resiliency so that the corresponding circuit size is O(n) and the depth
s O(log n), for a function on n input variables. To the best of our knowledge, this is the most efficient implementation
or certain classes of resilient functions. We further discuss the nonlinearity profile of such functions and obtain some
ontrivial recursive lower bounds. We complete this section by showing that the recursive amplification method can be
sed to obtain super-linear separation between n and pdeg(f ) for functions with constant higher order sensitivity. We also
resent some technical results on the nonlinearity of the functions obtained via the recursive amplification to conclude
his part.

Next in Section 4 we observe the s(f )-pdeg(f ) relation for functions on small number of variables (up to 10). The study
f Boolean functions on small number of variables towards obtaining interesting properties has been the subject of study
or the last two decades (see [8] and the references therein). In this regard we use the properties of polynomial degree
nd resiliency to give answers to some open questions. Specifically we obtain the full characterization of all 6 variable
ully sensitive function with pdeg(f ) = 3 and also show that there does not exist any 7 variable fully sensitive functions
ith pdeg(f ) = 3, which were previously not known. The result for n = 7 is particularly important as this implies that
he smallest n, for which we can search for functions that can be recursively amplified to overcome the currently known
eparation between sensitivity and polynomial degree, is n = 10. For n = 8, 9 and 10 we check the rotation symmetric
lasses and obtain previously unknown 9 variable fully sensitive functions with pdeg(f ) = 4.
Finally in Section 5 we discuss functions with high orders of sensitivity. We first observe that the recursive amplification

method does not give us non-constant separation between n and pdeg(f ) in such cases. In this direction, we use
he Maiorana-McFarland constructions, which has widely been utilized to construct functions with good cryptographic
roperties. We use the real polynomial structure of this class to obtain fully sensitive functions on n variables with
deg(f ) = n − Θ(log n) (the Landau symbol Θ(·) has its usual meaning — see the preliminaries section, below). Note
hat this is not surprising as we have much larger separation using the recursive amplification method. However, we
how that this method can be extended for super-constant orders of sensitivity and design a construction to obtain non-
onstant separation between n and pdeg(f ) in o(log n) order sensitive functions. Specifically, we design kth order sensitive
unctions on n variables with pdeg(f ) = O

(
n −

log( n
2 −k)−log(k)

k

)
, which is the final contribution of this paper.

We conclude the paper in Section 6 by summarizing our results and laying out future directions to better understand
he hierarchy of how higher order sensitivity restricts the polynomial degree of Boolean functions and discuss possible
ryptographic implication of the mentioned characterization.

2. Preliminaries

Let us first define some notations that we use frequently in the paper. We denote by x an element of Fn
2 (the n-

dimensional vector space over the two-element field F2) and its individual bits are expressed as xi, 1 ≤ i ≤ n, where
xi ∈ F2. We use ⊕ to denote the addition in both F2 and Fn

2. We denote by 1n and 0n the all one, respectively, all
zero element in Fn

2. We denote by 1n−i||0i the element in Fn
2 whose first n − i bits are one and the last i bits are zero.

Further, we denote by [n] the set {1, 2, . . . , n} and by |S|, the cardinality of a set S. In what follows, we use the Landau
symbols O and o, as well as Knuth symbols Ω, Θ , with their usual meanings. As defined earlier, recall that A(x) = O(B(x)),
A(x) = Ω(B(x)) mean that the inequality |A(x)| < cB(x), respectively, |A(x)| > cB(x), hold with some positive constant c ,
when their variable x is sufficiently large. Further, A(x) = Θ(B(x)) means that both A(x) = O(B(x)) and A(x) = Ω(B(x))
hold when x is sufficiently large, and A(x) = o(B(x)) means that A(x)/B(x) tends to zero, when x approaches ∞.

Now let us look at the properties of real polynomial degree and resiliency of Boolean functions and the relationship
etween these.

2.1. Resiliency and polynomial degree

Corresponding to any Boolean function f : Fn
2 → F2 (which can be represented via its truth table, that is, the output

ector, or the algebraic normal form, that is, the multivariate polynomial representation) there exists a unique polynomial
: Fn

2 → R so that f and p output the same value for all possible inputs. This polynomial is unique for any representation
of F2 (the additive, {0, 1}, or multiplicative, {−1, 1}). In all such cases, the corresponding real polynomial is also multi-
linear and the degree of the real polynomial is the same for any such representation. In this paper, we take the real
polynomial of a Boolean function f as p : Fn

2 → R such that p(x) = f (x), ∀x ∈ Fn
2. As expected, the real polynomials

degree is the degree of this polynomial.
The real polynomial degree of a Boolean function is intrinsically connected to the cryptographic property of the

esiliency. The connection stems from the structure of the Walsh spectrum (the output multiset of the Walsh transform
— defined below) of a Boolean function. For x = (x1, x2, . . . , xn), ω = (ω1, ω2, . . . , ωn) in Fn

2 and x · ω, the usual inner
product in Fn

2, we define the Walsh transform (the discrete version of the Fourier transform) of a function g : Fn
2 → F2 at

the point ω ∈ Fn
2 by

Wg (ω) =

∑
(−1)g(x)+ω·x.
x∈Fn2
140
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A Boolean function g is called m-resilient if Wg (ω) = 0, for 0 ≤ wt(ω) ≤ m. Here, wt(·) denotes the Hamming weight,
hat is, the number of nonzero components in the input. The nonlinearity of an n-variable Boolean function g , denoted
y NL(g), is the minimum Hamming distance from g to the set of all the affine functions, where any affine function l(x)
as the form ω · x ⊕ c with ω ∈ Fn

2 and c ∈ F2. It can be easily checked that the nonlinearity of g can be computed by
L(g) = 2n−1

−
1
2 maxω∈Fn2

|Wg (ω)|. We now look into the unique real polynomial corresponding to any Boolean function.
f we transform the inputs xi to yi where yi = (−1)xi (the same as yi = 1− 2xi), then we have another unique polynomial
p̂f : {−1, 1}n → R such that p(x) = p̂f (y) where y = (y1, . . . , yn). It is easy to see that deg(p) = deg(p̂f ), and this value is
called the polynomial degree of f , denoted by pdeg(f ). Now p̂f can be expressed using the Walsh spectrum of the function
in the following manner. With χω

=
∏

ωi=1 yi, we have

p̂f (y) =

∑
ω∈{0,1}n

Wg (ω)
2n χω.

Thus, a function f has a polynomial degree k if and only if Wf (ω) = 0, ∀ω with wt(ω) > k. Furthermore, a function f
s k-resilient if and only if Wf (ω) = 0, ∀ω with wt(ω) ≤ k. Finally, we note that given a function f , Wf (ω) = Wf⊕Ln (ω̄),
here ω̄ = ω ⊕ 1n and Ln = ⊕

n
i=1xi. These structural arguments gave rise to the famous result connecting the resiliency

nd polynomial degree of Boolean functions.

Theorem 2.1 ([15], page 150). If a function g is k-resilient then the function f = g ⊕ Ln will have a polynomial degree of
n − k − 1, where Ln = ⊕

n
i=1xi.

Thus, it is clear that a Boolean function g is m-resilient if and only if pdeg(f ) = n − m − 1.
Next, we study the notion of sensitivity and also, that of dual sensitivity, which we define to better understand the

connection between resiliency and polynomial degree.

2.2. Sensitivity

For any x ∈ Fn
2, we let xi to be x with the ith bit of x flipped (complemented). The sensitivity of a Boolean function

f : Fn
2 → F2 at a point x can be defined as s(f , x) = |{i ∈ [n] : f (x) ̸ = f (xi)}|, and the sensitivity of a function is

s(f ) = max
x∈Fn2

s(f , x).

Sensitivity, and different variants of it, such as Gaussian noise sensitivity [9] and average sensitivity [6] are well studied
metrics of Boolean functions with implications in complexity theory, learning theory [10], and beyond.

It is natural to consider the situation where we want the function to have the same value even if multiple input bits
of x are flipped regardless of their position. In this direction, we define the kth order sensitivity of a Boolean function. For
any set S ⊆ [n] and the input point x ∈ Fn

2 we define x(S) as the input point obtained by flipping the jth bit of x for all
j ∈ S. Sensitivity is defined around the notion of flipping any single component corresponding to a given input where the
output of the function remains unchanged. In this regard we define kth order sensitivity of a function in the following
manner.

Definition 2.2. We call a function f : Fn
2 → F2 kth order sensitive if there exists x ∈ Fn

2 such that

f (x) ̸ = f
(
x(S)
)
, ∀S ⊆ [n], 1 ≤ |S| ≤ k.

That is, f is kth order sensitive if there exists an input so that flipping any i ≤ k of the component bits of the input,
changes the function’s output. Thus a first order sensitive function is simply a function with s(f ) = n. The main implication
of kth order sensitivity is that it indeed further restricts how low the degree of the real polynomial corresponding to the
function can be. Without any restrictions we know pdeg(f ) can be as low as log n for functions that depend on n variables.
If we fix s(f ) = n then the polynomial degree is Ω

(√
n
)
.

In relation to kth order sensitivity we show that there are MM type constructions such that there exists non-constant
separation between n and real polynomial degree of functions with t(n)-order sensitivity, where t(n) = o(log n). Studying
his hierarchy and motivating understanding the relationship between sensitivity order and the minimum possible
olynomial degree is the central theme of the paper.

2.3. Dual sensitivity

Given a function f on n variables with polynomial degree m, we call the function g = f ⊕Ln, the dual of f , which has
− m − 1 resiliency. The dual sensitivity of a function f : Fn

2 → F2 at a point x is defined as ds(f , x) = |{i ∈ [n] : f (x) =

(xi)}|. The dual sensitivity of f is

ds(f ) = max
x∈Fn2

ds(f , x).

This notion can be extended to kth order dual sensitivity in the following manner.
141
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Definition 2.3. We say a function g is kth order dual sensitive if there exists x ∈ Fn
2, such that, for all j : 1 ≤ j ≤ k we

ave:

• If j ≡ 0 mod 2, then f (x) ̸ = f
(
x(S)
)
, ∀S ⊆ [n] with |S| = j.

• If j ≡ 1 mod 2, then f (x) = f
(
x(S)
)
, ∀S ⊆ [n] with |S| = j.

That is, a function is kth order dual sensitive if there is an input point such that if we flip the values of any odd number
k of input bits then the function’s output remains unchanged and if we flip any even number ≤ k of input bits then

the function’s output gets complemented. The next proposition is immediate.

Proposition 2.4. A function f on n variables is kth order sensitive if and only if its dual g = f ⊕Ln is kth order dual sensitive.

Note 2.5. In this paper we only talk about fully sensitive functions (for first order sensitive functions) and higher order sensitive
functions and their resilient kth order dual sensitive counterparts. We use the following notations to describe these properties:

• An (n, k, d)-function is a Boolean function of n variables that is kth order sensitive and has real polynomial degree d.
• An [n, k,m]-function is a Boolean function of n variables that is kth order dual sensitive and m-resilient.
Thus, if f is an (n, k, d)-function then g = f ⊕ Ln is an [n, k, n − d − 1]-function.

Beyond understanding the hierarchy of how restricting outputs for inputs around a point restrict the polynomial
degree, there are many concepts that touch in one way or another our notion of kth order sensitivity, like (variable)
influence, or noise sensitivity, to name only two such. The influence of the ith variable xi of f of n variables is defined
as Infi(f ) = Prob[f (x) ̸ = f (xi)] where x ∈ Fn

2 is chosen equiprobably, and the total influence is then Inf(f ) =
∑n

i=1 Infi(f ).
The influence of the ith variable and the total influence on f is related to the Walsh coefficients of f (cf. [16]) as
nfi(f ) = 2−n∑

u∈Fn2
ui W 2

f (u), and Inf(f ) =
∑n

i=1 Infi(f ) = 2−n∑
u∈Fn2

wt(u)W 2
f (u). Surely, it is well known that the

total influence is equivalent to edge-boundary size for subsets of the Hamming cube, and ultimately, it is a measure of
the computational complexity of a function, which is very important in cryptography. Also, the Fourier Entropy-Influence
(FEI) conjecture (Friedgut–Kalai [7]) claims that there exists a universal constant C such that for any Boolean function f
e have H(f ) ≤ C · Inf(f ), where H(f ) =

∑
u∈Fn2

f̂ (u)2 log2 1
f̂ (u)2 , is the entropy of f . The FEI conjecture implies a version of

ansour’s conjecture (see [12,16]), which states that given a Boolean function f whose disjunctive normal form (DNF) has
t terms, then most of the nonzero Walsh coefficients are also concentrated on polynomial poly(t) number of coefficients.

Furthermore, our concept of kth order sensitivity can be regarded as the local version of the well known noise
sensitivity, which is a global concept. For a function f : {−1, 1}n → {−1, 1} and δ ∈ [0, 1], the noise sensitivity NSδ[f ] is
the probability that f (x) ̸ = f (xδ), when x is uniformly random and xδ is formed from x by flipping every bit independently
ith probability δ [15]. For example, it can be shown that the noise stability of the constant function is 1, and that of
he majority function, Majn satisfies lim n→∞

n odd
NSδ[Majn] =

2
π

√
δ + O(δ3/2). The noise sensitivity was used in low-degree

lgorithms [10], which are very important in cryptography and learning, coding theory and complexity as a local list-
ecoding algorithms for the Hadamard codes [15]. These are just a few samples on how our concept is connected to
ryptography and coding theory.

3. The recursive amplification method and related results

We noted already that fixing the value of a function corresponding to n + 1 input points to make a function fully
sensitive, will restrict the polynomial degree to Ω(

√
n). This implies that a fully dual sensitive function has resiliency

− Ω(
√
n). We next explore these restrictions by performing a case study of functions on small number of variables

≤ 6 along with some basic results. We further look into the recursive amplification method, which is also commonly
nown as function composition. This is a well known technique that is used to obtain super-linear separation between
and pdeg(f ) and is also used to obtain super-linear separation between s(f ) and pdeg(f ). In this section we use this

echnique and obtain the following results:

1. A slight modification of the recursive amplification method to obtain super-linear separation between s(f ) and
pdeg(f ) by starting from any candidate base function.

2. We build highly resilient functions with good nonlinearity, O(n) circuit size and O(log n) circuit depth.
3. We obtain super-linear separation between number of variables n and polynomial degree pdeg(f ) for functions

with constant order sensitivity.

It is easy to see that if a function is nth order sensitive then its real polynomial degree is also n. This is because a
function can be nth order sensitive if for a point a ∈ Fn

2, f (a) = 0 and f (x) = 1, ∀x ∈ Fn
2 \ {a}. Then such a function will

have an odd number of ones in its truth table and thus will have pdeg(f ) = n.
The first separation between n and polynomial degree can be found for (n− 1)-st order sensitivity when n is odd, and

or (n − 2)-nd order, otherwise.
142



S. Maitra, C.S. Mukherjee, P. Stănică et al. Discrete Applied Mathematics 365 (2025) 138–159

t
w

a

t
t

a
o
f

Lemma 3.1. The maximum value of k such that there exists a kth order sensitive function with polynomial degree less than n
is n − 1, where n is odd, and n − 2, otherwise.

Proof. We prove this result via the resiliency idea. The dual of an (n, k, n − 1)-function is an [n, k, 0]-function, which is
a balanced kth order dual sensitive function.

Let g be an (n−1)-st order dual sensitive function with respect to a point y ∈ Fn
2. Without loss of generality we assume

that f (y) = 0. Then, corresponding to all the points that can be obtained by flipping an odd number of bits, the output is
0, and 1, otherwise, where the maximum number bits that can be flipped is n − 1. That is, g(y) can be both zero or one,
which does not affect the sensitivity order, and the output corresponding to all other 2n

− 1 points is fixed.
Case n odd: The minimum number of points x for which f (x) must be zero is

1 +

(
n
1

)
+

(
n
3

)
+ · · · +

(
n

n − 2

)
= 2n−1.

We can then fix f (y) = 1 and the other 2n−1
− 1 points have output 1, by definition, which gives us an n− 1-th order

dual sensitive 0-resilient function whose dual f = g ⊕ Ln is then an (n, n − 1, n − 1)-function.
Case n even: Here, the minimum number of points x for which f (x) = 0 is

1 +

(
n
1

)
+

(
n
3

)
+ · · · +

(
n

n − 1

)
= 2n−1

+ 1

and thus the corresponding function cannot be balanced.
On the other hand if we try to form an (n−2)-nd order dual sensitive function, then the restriction reduces by

( n
n−1

)
and

becomes 2n−1
−n+1. Meanwhile, the restriction on the minimum number of points with f (x) = 1 remains the same and

hen the remaining n points can be fixed accordingly to make the function balanced, which gives us an [n, n−2, 0]-function
hose dual is an (n, n − 2, n − 1)-function. □

It is easy to see that if there exists a kth order sensitive function f with polynomial degree p, then there exist functions
of the same or smaller polynomial degree for (j < k)-th order sensitive functions as well, and the standard implications
bout resiliency-dual sensitivity follow.
Now we discuss the recursive amplification method and observe how it gives us functions f d on n = du variables with

low real polynomial degree starting from a function f on small number of variables d, that we call as the base function. We
further observe that this method in its normal form does not always guarantee full sensitivity in f u even when f is fully
sensitive. In this regard we slightly modify the recursive amplification process so that it always preserves the sensitivity in
he function f u formed as a result of the process. Before describing the method and the modifications, let us first observe
he sensitivity-polynomial degree (dual sensitivity-resiliency) relations in functions on 3 variables to motivate the need
for such modifications.

Dimension n = 3:

There cannot be a 3 variable function with pdeg(f ) = 1 and therefore the possible function categories are as follows:

1. [3, 1, 0]-functions (correspondingly, (3, 1, 2)-functions).
2. [3, 2, 0]-functions (correspondingly, (3, 2, 2)-functions).

[3, 1, 0]-Functions:
g1(x) = x1x2 ⊕ x1x3 ⊕ x2x3, g2(x) = x2 ⊕ x3 ⊕ x1x2 ⊕ x1x3 ⊕ x2x3, g3(x) = x1 ⊕ x3 ⊕ x1x2 ⊕ x1x3 ⊕ x2x3,

g4(x) = x1 ⊕ x2 ⊕ x1x2 ⊕ x1x3 ⊕ x2x3, and their complements. Therefore the (3, 1, 2)-functions will be their duals
obtained by adding the all variable linear function L4 = x1 ⊕ x2 ⊕ x3 ⊕ x4 to g and this gives us the (3, 1, 2)-functions
fi = gi ⊕ Ln, 1 ≤ i ≤ 4.

Here it should be noted that the function f1 is a symmetric function and the other functions f2, f3 and f4 are all
isomorphic up to permutation of variable names.

[3, 2, 0]-Functions:
Interestingly, all the four aforementioned functions and their complements are also [3, 2, 0]-functions (and their duals

re second order sensitive functions of polynomial degree of 2). That is, all first order sensitive functions are also second
rder sensitive (where the polynomial degree of the functions is 3). However, we will observe that is indeed not the case
or higher values of n, as one should expect.
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3.1. The recursive amplification method and its modification

Recursive amplification was used to obtain the largest known separation between sensitivity and polynomial degree
of Boolean functions [3], as well as the first example of separation between exact quantum query complexity and
eterministic query complexity [1], among other separation results. Let f be a function on d variables x1, x2 . . . xd with
olynomial degree p. Then the function f 2 of d2 variables defined as

f 2(x1, . . . , xd2 ) = f
(
f (x1, . . . , xd), f (xd+1, . . . , x2d), . . . , f (xd2−d+1, . . . , xd2 )

)
has polynomial degree p2. This process can be generalized as follows

f i+1(x1, . . . , xdi+1 ) = f
(
f i(x1, . . . , xdi ), . . . , f

i(xdi+1−di+1, xdi+1 )
)
.

Then we have the function f u on n = du variables such that pdeg(f u) = pu for any function f with d variables. Here, we
note that if we replace any instance of f i with f i or any function with the same polynomial degree as f i in any step of
he recursion the results remain unchanged, as expressed by the following fact.

Fact 3.2. Let f be a function defined on d variables with pdeg(f ) = p1 and f1, f2, . . . , fd be functions each of d variables of
olynomial degrees p2. Then the function

f̂ = f
(
f1(x1, . . . , xd), . . . , fk(xd2−d+1, . . . , xd2 )

)
has pdeg(f̂ ) = p1p2.

1. f 1 = f , where f is a function on d variables.
2. f i+1

(
x1, . . . , xdi+1

)
= f

(
f i
(
x1, . . . , xdi

)
, . . . , f i

(
x(d−1)di+1, . . . , xdi+1

))
.

Thus if we can also increase the sensitivity of the function in the recursive amplification process in the same rate, then
tarting from a base (d, x, y)-function f we can recursively amplify it to get a (du, xu, yu)-function f u, which in fact gives
s super-linear separation whenever x > y. However, although the polynomial degree of f u is guaranteed, the case of
ensitivity is not so straightforward. Consider the functions f1 and f2 defined on 3 variables, which have the properties:

• pdeg(f 21 ) = 4.
• s(f 21 ) = 9.
• pdeg(f 22 ) = 4.
• s(f 22 ) = 7.

The difference lies in which points of the function, the full sensitivity is achieved and its relation to the truth table of the
unction. We call such points maximally/fully sensitive.

The fully sensitive points (x1, x2, x3) of f1 are (0, 0, 0) and (1, 1, 1) with f1(0, 0, 0) = 0 and f1(1, 1, 1) = 0. Whereas the
fully sensitive points of f2 are (0, 0, 1) and (1, 1, 0) with f2(0, 0, 1) = 1 and f2(1, 1, 0) = 1.

Then the function f 21 is fully sensitive at the point x0 = (0, 0, 0, 0, 0, 0, 0, 0, 0), since
f 21 (x0) = f1

(
f1(0, 0, 0), f1(0, 0, 0), f1(0, 0, 0)

)
. So if any one bit is changed the corresponding inner f1 function’s value

becomes 1, which in turn changes the value of the outer f1 function as f1 is fully sensitive at the point (0, 0, 0).
However, this situation does not arise for the function f 22 . This is because in f 22 , for the function to have full sensitivity,

the inner functions need to act on fully sensitive points, i.e. (x1, x2, x3), (x4, x5, x6), (x7, x8, x9) ∈ {(0, 0, 1), (1, 1, 0)}. But
since both for both the points f2 outputs 1, the outer f2 function in f 22 always gets (1, 1, 1) as input and it is not fully
sensitive at that point. But instead, if we define f̂ 22 = f2

(
f2(x1, x2, x3), f2(x4, x5, x6), f2(x7, x8, x9)

)
, then if we fix the input

or each inner function to be a fully sensitive point, then the corresponding input point for the outer f2 is (1, 1, 0) and the
unction is fully sensitive at this point. This gives a sufficient condition for successfully applying recursive amplification
or any base function. This result also holds for higher order sensitivity.

Theorem 3.3. Let f be a kth order sensitive function on d variables with pdeg(f1) = p and y = (y1, y2, . . . , yd) being the
nput with respect to which the function exhibits kth order sensitivity. We define the function f u on du variables such that:

1. y1 = y
2. yi ∈ Fdi

2 is obtained by concatenating d copies of yi−1.
3. f 1 = f
4. f i = f

(
f i−1(x1, . . . , xdi−1 ) ⊕ f i−1(yi−1) ⊕ y1, . . . , f i−1(xjdi−1+1, . . . , x(j+1)di−1 ) ⊕ f i−1(yi−1) ⊕ yj, . . . ,

f i−1(x(d−1)di−1+1, . . . , xdi ) ⊕ f i−1(yi−1) ⊕ yd
)
.

Then f u is a kth order sensitive function on n = du variables and pdeg(f ) = pu with kth order sensitivity achieved at the input
point yu.
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Proof. Here we call the function f as the base function. Let us denote by [x]k any input point that can be obtained
y flipping at least 1 and at most k variables of x ∈ Fn

2. Thus if a function f is kth order sensitive at the point y then
([y]k) = f (y) by definition. We now prove the result using induction on u. The result holds for u = 1 by definition.
ssume the result holds for u − 1 and we need to show that the function f u has kth order sensitivity at yu. The value of

the function at yu is

f u(yu) = f
(
f u−1(yu−1) ⊕ f u−1(yu−1) ⊕ y1, . . . , f u−1(yu−1) ⊕ f u−1(yu−1) ⊕ yd

)
= f (y).

Let us now select any i ≤ k variables whose value we wish to flip resulting in an input point of the form [yu]k. We
define the d tuple S = (s1, s2, sd) where si denotes the number of bits to be flipped between x(i−1)du−1+1 and xidu−1 . Thus
0 ≤ si ≤ k, ∀i. If si = 0 then

f u−1(xidu−1+1, . . . , x(i+1)du−1 ) ⊕ f u−1(yu−1) ⊕ ai
= f u−1(yu−1) ⊕ f n−1(yu−1) ⊕ ai = ai.

If 1 ≤ si ≤ k then

f u−1(xidu−1+1, . . . , x(i+1)du−1 ) ⊕ f u−1(yu−1) ⊕ ai
= f u−1([yu−1

]k) ⊕ f u−1(yu−1) ⊕ ai = ai.

The number of nonzero values in S are at most k, which would change at most k of the d points yi in the base function’s
nput to yi and result in an input to f of the form of f ([y]k). Thus for the function f u we have f u([yu]k) = f ([y]k) = f (y) =

f u(yu).
The polynomial degree result holds from the basic definition of recursive amplification as pdeg(f ) = pdeg(f ) and this

ompletes the proof. □

It turns out that for the NAE function and the Kushilevitz’s function, the normally known recursive amplification
rocess works, without the modifications. Thus starting with any (3, 3, 2) function f we can use the recursive amplification
o obtain a (3u, 3u, 2u) function f u and for this we have s(f u) = pdeg(f u)

log 3
log 2 ≈ pdeg(f u)1.58.

Now we look into the functions of 4 variables and then discuss how the recursive amplification method can be used
to obtain highly resilient functions with good nonlinearity.

3.2. Low cost resilient functions with recursive amplification

Let us consider a function f on d variables with pdeg(f ) = p < d, where d is a constant. Then we can recursively
amplify the function to obtain a function f u on n = du variables with pdeg(f u) = pu = n

log p
log d . Now if we add the all

ariables linear function to it we get an n-variable function with n − n
log p
log d − 1 resiliency. However, there already exist

many methods of obtaining Boolean functions with high resiliency and other cryptographically important properties such
s high nonlinearity.
Here the advantage of the recursive amplification method is the circuit size for building such functions. Building

fficient low depth circuits for cryptographically important functions with large number of input variables is a challenging
roblem. In this regard, the work by Sarkar et al. [18] is important. This work shows how to start with an m-resilient
unction on some d variables and generate an m + u-resilient function on n = d + u variables that requires O(u) depth,
hich is effectively O(n) as d is constant for any given construction. In fact, this has been the best known result in this
irection for almost two decades in building efficient circuits for resilient functions on large variables starting from base
unctions. In this direction we observe that the recursive amplification method can be used to obtain highly resilient
unctions on large number of variables with just O(log n) depth.

Theorem 3.4. Given a function f on d variables with pdeg(f ) = p < d we can obtain a function on gu on n = du variables
with resiliency n − n

log p
log d − 1 such that there is a circuit of linear size and logarithmic depth (in n) for it.

Proof. We first define f u as the function obtained recursively amplifying the function f , u times, which gives us a function
n du variables with pdeg(f u) = n

log p
log d . Let us assume the circuit corresponding to the base function on d variables consists

f some cd gates and has a depth of td. This circuit takes in d input variable bits and outputs a single bit. Then the circuit
corresponding to f u can be built using the circuits for f in a layered manner in the following way.

• In the first layer there are total du−1 circuits each taking in d variables each as input bits.
• In the ith layer there du−i−1 circuits each taking as input d of the du − i output bits from the previous layer.
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Fig. 1. Example of a circuit corresponding to recursive amplification.

• The final layer contains a single circuit, whose output is the output of the final function.

Then the total number of circuit instances of f to be used is
∑u−1

i=0 di =
du−1
u−1 and the gate count is cd ×

du−1
u−1 = O(du) =

(n). Moreover, the depth of this circuit is u × td as the circuit for f is set up in u layers, which gives as a circuit for f u

with O(logd n) depth.
Now if we XOR the parity of all the input bits to this output we obtain a n − n

log p
log d − 1 function gu via the resiliency-

olynomial degree connection. The parity of the input bits can be simply obtained in parallel using n gates and log n
epth, which gives us the result. □

Fig. 1 gives an example of building a 9 variable function using 4 instances of the circuit Cf corresponding to a 3 variable
function f . Here observe that if the base function f has full sensitivity, then the function gu will also be fully dual sensitive.
iven our modified recursive amplification process in Theorem 3.3, we can have this property starting from any base

function, and this does not the depth of the circuit at all and the gate count beyond a constant factor.

3.3. Other cryptographic properties

Having discussed the efficiency of this method, let us now look into the nonlinearity of such functions, which is another
ery important cryptographic property. We consider the following examples:

• Recursively amplifying a (3, 1, 2)-variable function f3 to get a 9 variable function f9(x) = f3
(
f3(x1, x2, x3) ⊕

a1, f3(x4, x5, x6) ⊕ a2, f3(x7, x8, x9) ⊕ a3
)
, ai ∈ {0, 1} and then adding the all variable linear function to obtain g9,

which is 4 resilient, irrespective of the choice of ai. However, depending on the choice of ai, the nonlinearity can
either be 96 or 192. Here the circuit for f3 needs 5 XOR gates and 3 AND gates and thus the circuit for f9 only requires
20 XOR gates and 12 AND gates, and we can obtain g9 by adding the all variable parity function, which requires a
further 9 XOR gates, which makes the total gate count to be only 41.

• Recursively amplifying a 4 variable function f4 to get a 16 variable function f16 by defining f16(x) =

f4
(
f4(x1, x2, x3, x4) ⊕ a1, f4(x4, x6, x7, x8) ⊕ a2, f4(x9, x10, x11, x12) ⊕ a3, f4(x13, x14, x15, x16) ⊕ a4

)
, ai ∈ {0, 1} and

then adding the all variable linear function to obtain g16. Here we obtain 16 variable 11-resilient functions with
nonlinearity as high as 24576 = 215

− 213 where the best possible nonlinearity for 16 variable functions is 215
− 27

(bent functions).
• We also find (6, 1, 3)-functions in Section 4.3 that require 24 AND gates and 21 XOR gates to compute. We can then

get a 36 variable 26 resilient fully dual sensitive function with only 168 AND gates and 147 XOR gates.

Here it should be noted that the algebraic degree of the function gu is upper bounded by the real polynomial degree
f f u, which is n

pdeg(f )
d . However, we can also have an algebraic degree-resiliency trade off in this construction if we use

wo kinds of base functions on d variables, one with algebraic degree (and thus polynomial degree) of d and the other
aving lower polynomial degree, and we can add these functions in different stages of the recursion to obtain functions
ith various resiliency and algebraic degree values. Thus we have two problems that need further attention.

1. How much can we increase the nonlinearity in f u when the functions used in recursion are of the form f or f ,
where f is the base function defined on some d variables?

2. How good cryptographic profiles can we obtain using this method and using multiple functions on d variables
throughout the recursion process?

These properties should be studied more elaborately later and is beyond the scope of this present discussion.
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3.4. Constant higher order sensitivity

We now show a simple but fundamental implication of Lemma 3.1 and Theorem 3.3. These two results directly indicate
there is super-linear separation between the number of variables and polynomial degree for any kth order sensitive
unction, where k is some constant.

Theorem 3.5. Given any constant k there exists a kth order sensitive function f on n variables such that pdeg(f ) = n
log k

log k+1 ,
f k is even and pdeg(f ) = n

log k+1
log k+2 , if k is odd.

Proof. Given any k, we form a function f in the following manner:

• If k is odd we form a (k + 2)-variable balanced kth order dual sensitive function g which is a [k + 2, k, 0]-function
as per Lemma 3.1. Then we take its dual f = g ⊕ Ln, which is a (k + 2, k, k + 1)-function.

• If k is odd we form a (k + 1)-variable balanced kth order dual sensitive function g which is a [k + 1, k, 0]-function.
Then we take its dual f = g ⊕ Ln, which is a (k + 1, k, k)-function, via Lemma 3.1.

Next we use the recursive amplification process described in Theorem 3.3. This gives a
(
(k + 2)u, k, (k + 1)u

)
-function,

hen k is even and a
(
(k + 1)u, k, ku

)
-function, otherwise, which gives us the desired super-linear advantage. □

We will soon observe the sensitivity-polynomial degree relations in functions from 4 up to 10 variables in Section 4.
o conclude this section, let is now present the results on nontrivial lower bounds on the nonlinearity of functions based
n the recursive amplification method.

3.5. Results on the nonlinearity of functions obtained with recursive amplification

Let f be a Boolean function on s variables and g1, g2, . . . , gs be s Boolean functions on u variables. We now define a
s-variable Boolean function f̂ by

f̂ (x1, . . . , xus) = f (g1(x1, . . . , xu), g2(xu+1, . . . , x2u), . . . , gs(xus−u+1, . . . , xus)) . (3.1)

Theorem 3.6 ([19]). Let f̂ be the function defined in (3.1), then for any w = (w1, . . . ,ws) ∈ Fus
2 (where wi ∈ Fu

2 for any
≤ i ≤ s), we have

Wf̂ (w) = 2−s
∑
v∈Fs2

(
Wf (v)

s∏
i=1

Wvigi (wi)

)
,

where v = (v1, v2, . . . , vs) ∈ Fs
2.

Theorem 3.7. Let f̂ be the function defined in (3.1) by taking g1, g2, . . . , gk ∈ Fk
2 to be balanced functions. Then for any

= (w1,w2, . . . ,ws) ∈ Fks
2 (where wi ∈ Fk

2 for any 1 ≤ i ≤ s), we have

Wf̂ (w) = 2−sWf (v′)
s∏

i=1

(
1 + (−1)v

′
i

2
· 2k

+
1 − (−1)v

′
i

2
· Wgi (wi)

)
,

where v′
= (v′

1, v
′

2, . . . , v
′
s) ∈ Fs

2 with v′

i = 1 if and only if wi ̸ = 0k. Furthermore, we have

NL(f̂ ) ≥ 2ks−1
− 2ks−k−s−1

(
2s

− 2NL(f )
) (

2k
− 2 min

1≤i≤s
{NL(gi)}

)
,

where NL denotes the nonlinearity.

Proof. Note that the value of the Walsh transform at any nonzero point of a constant function is equal to null. Thus, for
ny 1 ≤ i ≤ s, we have W0(wi) = 0 if wi ̸ = 0k. As gi’s are balanced, we have Wgi (0k) = 0 for any 1 ≤ i ≤ s. So we have
s
i=1 Wvigi (wi) = 0 if vi ̸ = v′

i . Then by Theorem 3.6 we have

Wf̂ (w) = 2−s
∑
v∈Fs2

(
Wf (v)

s∏
i=1

Wvigi (wi)

)
= 2−sWf (v′)

s∏
i=1

Wv′
igi
(wi).

Then our first assertion comes from the fact Wv′
igi
(wi) equals 2k if v′

i = 0 and Wgi (wi) if v′

i = 1. Note that |Wgi (wi)| ≤
max ′ k {|W (w′)|} ≤ 2k for any 1 ≤ i ≤ s. Then we have |

∏s W (w )| ≤ 2ks−k
·max ′ k {|W (w′)|} by setting the
wi∈F2

gi i i=1 vigi i 1≤i≤s,wi∈F2
gi i
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Hamming weight of v′ to be 1. Then we can obtain that the nonlinearity of f̂ is at least 2ks−1
−2ks−k−s−1 maxu∈Fs2

{|Wf (u)|} ·
ax1≤i≤s,w′

i∈F
k
2
{|Wgi (w

′

i)|}, which gives our second assertion. This finishes the proof. □

Lemma 3.8. Let f be an n-variables function and f̂ be an n2-variable function defined as
f̂ (x1, . . . , xn2 ) = f

(
f (x1, . . . , xn) + a1, . . . , f (xn2−n+1, . . . , xn2 ) + an

)
, where ai’s belong to F2. Then the nonlinearity of f̂ is

t least 2n2−n+1NL(f ) − 2n2−2n+1 (NL(f ))2. Moreover, if f is m resilient, then f̂ is (m + 1)2 − 1 resilient; if wf (w) = 0 for any
with Hamming weight no less than m′, then f is n2

− (m′
− 1)2 − 1 resilient.

Proof. The lower bound on nonlinearity of f̂ directly follows from Theorem 3.7. By observing the value of
Wf (v′)

∏s
i=1 Wv′

igi
(wi) in the proof of Theorem 3.7, then we can easily obtain the rest assertions. This completes the

proof. □

Corollary 3.9. Let f be an n-variables Boolean function and fi (i ≥ 2) be the function defined above. Then we have

NL(f i) ≥ 2ni−ni−1
NL(f i−1) + 2ni−nNL(f ) − 2ni−ni−1

−n+1NL(f i−1)NL(f ),

with NL(f 1) = NL(f ).

4. s(f )-pdeg(f ) results for functions on small number of variables

We have already discussed the case of functions of 3 variables. Let us now observe the situations for functions on higher
umber of variables. The functions on up to 5 variables can be exhaustively searched to obtain all existing combinations.
owever, for functions on 6 and more variables, an exhaustive search is not possible given the size of search space (264 for
= 6, 2128 for n = 7 and so on), and we instead use the properties of resiliency and dual sensitivity to completely exhaust

he case of fully sensitive functions for n = 6 and n = 7 in terms of obtaining all functions and proving non-existence
espectively.

4.1. [4, −, 0]-Functions:

It can be checked with a simple search that there does not exist any fully sensitive function on 4 variables with
pdeg(f ) = 2. In fact, if that would have been the case then we could use the recursive amplification method to obtain
a function f u on 4u variables with s(f u) = 4u and pdeg(f u) = 2u, which would give us quadratic separation between
ensitivity and polynomial degree.
Thus we look into the (4, −, 3) functions, which are duals of [4, −, 0] functions. We have the following counts.

• There are approximately 3760(≈ 211.87) many [4, 1, 0]-functions.
• Only 256(= 28) of these functions are [4, 2, 0]-functions.
• There are no [4, 3, 0]-functions.

4.2. [5, −, 1]-Functions:

In the case of 5 variable functions, the possible polynomial degree is between 3 and 4. As we have already observed
he case of 0-resiliency (n − 1 polynomial degree in the dual) for 3 and 4, we compute the 1-resilient functions in this
case, and get the following counts:

# [5, 1, 1]-functions = 12304(≈ 213.58), # [5, 3, 1]-functions = 0

# [5, 2, 1]-functions = 2464(≈ 211.2), # [5, 4, 1]-functions = 0.

Finally let us look into the case of 6 variable functions, for which we have the best base function for first order
ensitivity, which is the Kushilevitz function.

4.3. [6, −, 2]-Functions:

There are total 264 Boolean functions on 6 variables, and checking the resiliency and sensitivity of all possible functions
requires computational resources that is unattainable. We instead use properties of dual sensitivity and resiliency to obtain
ll possible [6, 1, 2]-functions by concatenating the truth tables of two 5 variable functions. Any 6 variable function f can

be written as f (x1, . . . , x6) = (1 ⊕ x6)f2(x1, . . . , x5) ⊕ x6f2(x1, . . . , x5) Where f1 and f2 are functions on 5 variables. Then
we have the following constraints on the properties of f .
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1. If f is 2-resilient then either both f1 and f2 are 1-resilient or both are 2-resilient [11].
2. If f is fully dual sensitive then at least one of f1 and f2 are fully dual sensitive. This is easy to see as if neither f1 nor

f2 are dual sensitive then there is no input point for which the whole function can have full dual sensitivity.

Using these constraints we get the full characterization of [6, −, 2]-functions, which was not previously reported.

• We find that there are 33632(≈ 215.03) many [6, 1, 2]-functions. Here it should be noted that the dual of any such
function is a (6, 1, 3)-function. We can use the modified recursive amplification technique of Theorem 3.3 on all
such functions to obtain (6u, 1, 3u)-functions, which gives us the best known separation between sensitivity and
polynomial degree, same as the function by Kushilevitz [13].

• We also get 192(≈ 27.6) many [6, 2, 2]-functions, and this gives us the maximum super-linear separation between
number of variables and real polynomial degree in second order sensitive functions, which is pdeg(f ) = n

log 3
log 6 .

Furthermore, there is no [6, > 2, 2]-functions.

4.4. Nonexistence of (7, 1, 3)-functions (as well as [7, 1, 3]-functions)

The existence or non-existence of a (7, 1, 3)-function is central to understanding the maximum separation between
(f ) and pdeg(f ). If there does exist a (7, 1, 3)-function then we can obtain a (7u, 1, 3u)-function using the recursive
amplification method, which gives s(f ) = pdeg(f )

log 7
log 3 , improving on the best known result. However the total number of

functions on 7 variables is 2128 and therefore checking all functions for this profile is not possible. In this direction we
use a mixed integer linear program to check existence of such function.

Let f be a Boolean function on 7 variables. f has full sensitively and polynomial degree 3 if and only if there is a vector
x ∈ F7

2 such that f (x) ⊕ (xi) = 1 for every 1 ≤ i ≤ 7 and Wf (u) = 0 for every u ∈ F7
2 with Hamming weight no less

han 4. For every x ∈ F7
2, by mixed integer linear program method with constraints on Walsh spectrum, GUROBI software

hows that there is no 7 variable function with full sensitively and polynomial degree 3. Ranging over all vectors x in F7
2,

e confirm that there is no such function.

4.5. Rotation symmetric functions for up to 10 variables

Even with our strategy, it not possible to search for all fully sensitive and higher order sensitive functions on more
han 7 variables because of the size of the search space. In this regard we search 8,9 and 10 variable rotation symmetric
unctions, which is another cryptographically important class of functions to obtain with fully sensitive (first order
ensitive functions) using the least possible polynomial degree (maximum resiliency in the dual function). We thus obtain
he following results:

• There exists only 12 functions in the rotation symmetric class that are [8, 1, 3]-functions and none are [8, 2, 3]-
functions. There cannot exist any [8, ℓ, 4]-function, where ℓ > 0.

• We also find 29 many [9, 1, 4] functions rotation symmetric functions, out of which 27 are also [9, 4, 2]-functions.
Furthermore, there cannot exist any [9, ℓ, 5]-function, where ℓ > 0. Here one should note that one can also obtain
[9, 1, 4] and [9, 2, 4]-functions by recursively amplifying a (3, 1, 2) or a (3, 2, 2)-function respectively and then
taking its dual, and these were the only known (9, 1, 4)-functions before now. However, we obtain [9, 1, 4]-rotation
symmetric functions with a nonlinearity of 224, whereas the nonlinearity of the functions obtained through recursive
amplification is 192. Thus, we obtain previously unknown (9, 1, 4)-functions. The advantage of using the recursive
amplification process is its efficient circuit size and depth.

• There does not exist any [10, 1, 5]-rotation symmetric function. It should be noted that if we can obtain a [10, 1, 5]-
function (provided such a function exists) then that would improve on the best known separation between sensitivity
and polynomial degree. This is because we can then get a (10, 1, 4)-function and then recursively amplify the
function using the modified amplification process described in Theorem 3.3 to get a (10u, 1, 4u)-function, thus giving
s(f ) = (pdeg(f ))

log 10
log 4 and since log 10

log 4 >
log 6
log 3 this would be an improvement on the best known result.

In this regard it is interesting to observe that there are no [6, 1, 2]-rotation symmetric functions but there are many
[5, 1, 1]-function, and we have indeed observed that there are [9, 1, 4]-rotation symmetric functions.

This concludes the study of sensitivity-polynomial degree (and higher order sensitivity-polynomial degree) study of
unctions on up to 10 variables. Next, we discuss how the recursive amplification method does not help us in providing
on-constant separation between n and pdeg(f ) in functions with super-constant order of sensitivity and then we design
 construction based on the Maiorana-McFarland class of functions to obtain such results.
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5. Super-constant higher order sensitivity and Maiorana-McFarland constructions

Until now we have discussed functions with a constant higher order sensitivity, and have found classes of functions f
defined on the number of variables n for which we could obtain super-linear separation between n and pdeg(f ) using the
recursive amplification method. However, we cannot obtain any t(n)-order sensitive (or dual sensitive) function, where
(n) is an increasing function on n.

Theorem 5.1. The recursive amplification process cannot obtain a function that has super-constant order of sensitivity, where
he process is as follows

• A base function f 1 on some d variables.
• f k = f 1

(
f̂ k−1, . . . , f̂ k−1

)
where f̂ k−1

∈ {f k−1, f k−1}.

Proof. Let us consider any function f on d variables and t(n)-order sensitivity where t(n) = Ω(1). Then f n is a function
n dn variables and there exists n0 ∈ N such that t(dn0 ) > d. However it is easy to see (via induction) that any function
uilt with a base function on d variables cannot be dth order sensitive. □

Thus the recursive amplification process does not help us anymore when we consider Ω(1)-order sensitive functions. In
this regard we next explore the class of Maiorana-McFarland (MM) constructions, which is a cryptographically important
method that has been used to obtain functions of desirable properties, such as resiliency and nonlinearity. Here, we use
it from the perspective of polynomial degree-sensitivity to obtain results in the domain of functions with non-constant
order of sensitivity. The layout of this section is as follows. We first discuss the Maiorana McFarland construction and then
obtain separation between n and pdeg(f ) while making the function first order sensitive (fully sensitive). We extend this
construction while discussing first order sensitivity only for ease of understanding. We analyze the polynomial structure
f these functions and obtain logarithmic separation between n and pdeg(f ). Finally we show that this construction can

be modified for super-constant orders of sensitivity (up to o(log n)) with only a few tweaks.

5.1. Maiorana-McFarland construction

The Maiorana-McFarland (MM) construction [5] is based on dividing the input variable space into two parts and
attaching different linear functions from one subspace to each point in the other subspace. This kind of construction
gives rise to Boolean functions with different interesting properties, such as maximum possible first order nonlinearity
for functions on even number of variables and high resiliency.

Definition 5.2. A function f : Fn
2 → F2 is called an MM function if it can be expressed as f (x, y) = (φ(x) · y) ⊕ g(x),

where:

• x ∈ Fn1
2 , y ∈ Fn2

2 , n = n1 + n2;

• φ is a mapping of the form φ : Fn1
2 → Fn2

2 ;

• a · b = a1b1 ⊕ a2b2 ⊕ . . . ⊕ akbk, where a = (a1, . . . , ak), b = (b1, . . . , bk) ∈ Fk
2;

• g : Fn1
2 → F2 is an arbitrary Boolean function defined on the subspace Fn1

2 .

Different restrictions on the map φ yield functions with different cryptographic properties. For example, if φ is a
ermutation, then n is even and the corresponding function is a bent function, for any choice of g . Similarly, if the weight
f φ(x), denoted as |φ(x)| is strictly greater than m for all x, then f is m-resilient, etc.
The Boolean functions via the MM construction can be visualized in different ways. We view them as different linear

unctions defined on y attached to activating values in x. Let there be an MM Boolean function with any arbitrary map
: Fn1

2 → Fn2
2 and some Boolean functions g : Fn1

2 → F2. Corresponding to any a ∈ Fn1
2 , the quantity φ(a) · y is essentially

he outcome of the linear equation
⨁

φ(a)i=1 yi. Thus φ(a) · y ⊕ g(a) equals
(⨁

φ(a)i=1 yi
)

⊕ g(a) for all y in Fn2
2 . Let us

enote this function defined on Fn2
2 as Linφ(a),g(a). Then we can express the function in the way described in Table 1.

This representation gives us a structural way of describing the real polynomial for any MM type function, which is
essential to the functions we construct later.

We first define two real polynomial structures Pa : Fn1
2 → R, a ∈ Fn1

2 and L(b,c) : Fn2
2 → R, b ∈ Fn2

2 , c ∈ F2. We let
Pa(x) =

(∏
ai=0(1 − xi)

) (∏
ai=1 xi

)
, so

Pa(x) =

{
1 if x = a
0 otherwise.

(5.1)

Now we define a polynomial structure that expresses the linear function Linφ(a),g(a) corresponding to each a ∈ Fn1
2 . Any lin-

ear function on y can be expressed as ⊕ y , b ∈ Fn2 , and the corresponding real polynomial is 1
(
1 −

∏
(1 − 2y )

)
.
bi=1 i 2 2 bi=1 i
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Table 1
An arbitrary MM type Boolean function.

x ∈ Fn1
2 y ∈ Fn2

2 f (x, y) : Fn1+n2
2 → F2

000 . . . 00(0n1 )

000 . . . 00 Linφ(0n1 ),g(0n1 )(000 . . . 00)
000 . . . 01 Linφ(0n1 ),g(0n1 )(000 . . . 01)
.
.
.

.

.

.

111 . . . 11(1n2 ) Linφ(0n1 ),g(0n1 )(111 . . . 11)

000 . . . 01(0n1−11) y Linφ(0n1−11),g(0n1−11)

.

.

.
.
.
.

.

.

.

111 . . . 11(1n1 ) y Linφ(1n1 ),g(1n1 )

Then the real polynomial corresponding to ⊕bi=1yi ⊕ 1 is 1
2

(
1 +

∏
bi=1(1 − 2yi)

)
. Thus we define L(b,c)(y) =

1
2 −

(−1)c
2

∏
bi=1(1 − 2yi), where the MM function b is defined by φ, and c is defined by g with respect to different points.

These structures allow us to generically express the real polynomial corresponding to any MM function, which we
describe next.

Proposition 5.3. Given an MM function f (x, y) = (φ(x) ·y)⊕g(x) on n variables with x ∈ Fn1
2 and y ∈ Fn2

2 , the corresponding
real polynomial can be defined as

p(x, y) =

∑
a∈Fn12

Pa(x)L(φ(a),g(a))(y). (5.2)

Let us now note down a simple result that this polynomial structure entails.

Note 5.4. For any b ∈ Fn2
2 we have Lb,c + Lb,c = 1 and pdeg(Lb,c) = wt(b).

Having discussed the Maiorana-McFarland construction and the structural results related to the polynomials we now
show the first instance of separation. From here on we denote by x and y variables in Fn1

2 and Fn2
2 , respectively, unless

tated otherwise.
We first impose some constraints on the MM construction so that it has full sensitivity. We emphasize that while these

onstraints are sufficient they are not necessary.

Lemma 5.5. Let f be an MM function defined by f (x, y) = (φ(x) · y) ⊕ g(x), where x ∈ Fn1
2 and y ∈ {0, 1}n2 so that n2 is

ven. Let us denote by a = 1n1 . If the function φ satisfies: φ(1n1 ) = 1n2 , g(1n1 ) = 0, φ(1n1−200) = 1n2 , g(1n1−200) = 1,
wt(φ(ai)) ≡ 1 mod 2, 1 ≤ i ≤ n1, g(ai) = 0, 1 ≤ i ≤ n1, then s(f ) = n.

Proof. It suffices to show that s(f , 1n) = n. By definition we have φ(1n1 ) = 1n2 . Thus for any input of the form 1n1 ||y we
have f (1n1 ||y) =

⨁n2
i=1 yi. Then if yi = 1, for all i, we get f (1n1 ||1n2 ) = 0 as n2 ≡ 0 mod 2.

Corresponding to this point, if any one of the components in y is flipped, then the function evaluates to 1 as the output
s the XOR of an odd number of variables. If any of the points (say i : 1 ≤ i ≤ n1) in x is flipped then the output of the
unction is f (ai||1n2 ). Since the number of variables of the linear functions corresponding to all such points ai is odd, g(ai)
s 1 and all the input variables in y that are to be considered are set as 1, the output of the function at this point is 1.
his shows that s(f , 1n) = n and the proof is complete. □

Let us formally define MM type functions of this kind to avoid redundancy going forward.

Definition 5.6. For an MM type function on f (x, y) = φ(x) · y ⊕ g(x) defined on n = n1 + n2 variables, if φ(1n1 ) = 1n2
nd wt(φ(1i

n1 )) ≡ n2 + 1 mod 2, 1 ≤ i ≤ n1 we say that f belongs to MMn.

We denote the point 1n as the 0-th critical point and the point 1i
n, 1 ≤ i ≤ n to be the ith critical point, where for

1 ≤ i ≤ n1 the bit flipped belongs to x and for n1 + 1 ≤ i ≤ n the bit flipped belongs to y. We develop our construction
in such a manner that the constraints described with respect to φ and g for these n + 1 critical points are met. We now
describe the construction technique. We first show a method of defining φ and g so that the corresponding function f in
MMn has pdeg(f ) = n−1. We then analyze in the next section how we can achieve non-constant (logarithmic) separation
between s(f ) and pdeg(f ).
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5.2. An MM function with s(f ) = n and pdeg(f ) = n − 1

Let us first denote some notations that we shall use in the proof. We denote by Xj
i the monomial

(∏j
k=i xk

)
and by

i the monomial
(∏i

k=1 xk
)
. We define the polynomial Ln2 =

∏n2
i=1(1 − 2yi). Then we can write L1n2,0 =

1−Ln2
2 and

L1n2,1 =
1+Ln2

2 .

Theorem 5.7. Let f ∈ MMn be an MM function defined on n = n1 + n2 variables of input (x, y) ∈ Fn1
2 × Fn2

2 , so that
1 ≤ n2 ≤ n1 + 1 with even n2. If f is defined using φ(1n1−200) = 1n2 , g(x) =

∏n1−2
i=1 xi(1− xn−1)(1− xn), the sensitivity of f

is n and the polynomial degree is n − 1.

Proof. First, s(f ) = n, which follows directly from the constraints described and the subsequent proof of Lemma 5.5.
We now show that pdeg(f ) = n − 1. Apart from the constraints given, we have two more constraints as f ∈ MMn,

amely, wt(φ(1i
n1 )) ≡ 1 mod 2, φ(1n1 ) = 1n2 . We have defined the real polynomial p(x, y) that represents f in

Proposition 5.3. The degree of the polynomial is ≤ max(wt(φ))+n1. We know that p(x, y) =
∑

a∈{0,1}n1 Pa(x)
(
L(φ(a),g(a))(y)

)
as monomials of degree n only in the terms Lb,c where wt(b) = n2, which is the case only when b = 1n1−200 or 1n1 .

Additionally g(1n1−200) = 1 and g(1n1 ) = 0. Therefore, we can write the polynomial as

p(x, y) = p′(x, y) + P(1n1−200)(x)Lφ(1n1−200),g(1n1−200)(y) + P(1n1 )(x)Lφ(1n1 ),g(1n1 )(y)

where p′(x, y) =

∑
a∈Fn12 \ {1n1 ,1n1−200}

Pa(x)
(
L(φ(a),g(a))(y)

)
.

Thus in this case pdeg(p′) = n − 1. Now, expanding p(x, y) we get

p(x, y) =

p′(x, y) +

(n1−2∏
i=1

xi

)
(1 − xn1−1)(1 − xn1 )L(1n2 ,1)(y) +

( n1∏
i=1

xi

)
L(1n2 ,0)(y)

= p′(x, y) + Xn1−2(1 − xn1−1 − xn1 + xn1−1xn1 )L(1n2 ,1)(y) + Xn1L(1n2 ,0)(y)

= p′(x, y) +

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
)
L(1n2 ,1)(y)

+ Xn1
(
L(1n2 ,0)(y) + L(1n2 ,1)(y)

)
= p′(x, y) +

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
)
L(1n2 ,1)(y) + Xn1 .

In this case, the polynomial degree of the terms are:

• p′(x, y) has a degree of n − 1;
•

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
)
L(1n2 ,1)(y) has a degree of n − 1.

• the degree of Xn1 is n1.
Thus, the polynomial degree of p(x, y) is n − 1 and the proof is complete. □

In this case, any function in MMn with the added constraint that φ(1n1−100) = 1n2 and g(x) =

(∏n1−2
i=1 xi

)
(1 −

xn1−1)(1− xn) would have this property of s(f ) = n and pdeg(f ) = n− 1. Except for 1n200 and 1n2 , all the points can have
any linear function of weight less than n2, with the only restriction being that n points in x should have odd weighted
linear functions attached to them. This gives us a loose lower bound on the number of functions that we can recover with
this construction technique with the given property. We can in fact construct 2EXP(n) functions with such property, which
we state next.

Corollary 5.8. For any n, there are at least Ω

(
22

n
2

)
MM type functions with s(f ) = n and pdeg(f ) = n − 1.

Proof. By definition we have ⌈
n
2⌉ ≤ n2⌈

n
2⌉ + 1. For simplicity, let us assume that n is even. Then each distinct mapping

φ that satisfies the constraint of Theorem 5.7 will represent an MM type function with s(f ) = n and pdeg(f ) = n − 1.
e have already defined φ at the points 1n1−200 and 1n1 . Let us consider the mapping where φ(1i

n1 ) = 0i
n2 . That is, the

unction attached corresponding to the ith critical point (1 ≤ i ≤ n) is yi and since n2 > n1, this is feasible. Therefore,
orresponding to the other 2

n
2 − 2−

n
2 points in x we can put any of the 2

n
2 linear functions defined on y, and each such

unction would have the desired property.
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Table 2
A Boolean function f with s(f ) = 7 and pdeg(f ) = 6.
x The linear function on y
000 y2 ⊕ y3
001 y1
010 y2
011 y1 ⊕ y2
100 y1 ⊕ y2 ⊕ y3 ⊕ y4 ⊕ 1
101 y1 ⊕ y3
110 y3
111 y1 ⊕ y2 ⊕ y3 ⊕ y4

Thus, the number of such functions will be
(
2

n
2 − 2 −

n
2

)2 n
2

, which we denote by C(n, n− 1). Then for n > 6 we have

(n, n − 1) >

(
2

n
2 −1
)2 n

2

= Ω

(
22

n
2

)
. □

We give now an example of a function with s(f ) = 1 and pdeg(f ) = n− 1. We let n = 7 and n1 = 3, n2 = 4 and show
the structure of the Boolean function. Observe that for the inputs 001, 010 and 110 in x the corresponding linear function
ontains only a single variable and the linear function corresponding to 111 contains 4 variables, implying that f is in the
class MM7. Additionally the linear function at 100 is the complement of the linear function at 111, which satisfies the
onditions of Theorem 5.7 (see Table 2).
We now further develop this construction method to get functions with s(f ) = n and pdeg(f ) = n − Θ(log n). Finally,

e check the nature of super-linear separation that can be achieved for this class using recursive amplification.
Next we generalize our construction method, by building on the construction in Theorem 5.7. The difficulty in designing

Boolean functions with any desired polynomial degree is that modifying the polynomial directly may lead to a situation
where the modified polynomial does not represent a Boolean function at all. Moreover, even valid modifications may
affect the sensitivity of the function. Even if these two issues are somehow dealt with, recovering the Boolean function
structure from the modified polynomial can be a tedious task. Against this backdrop we first observe some valid real
polynomial modifications to MM type functions and their effect on the Boolean function structure.

5.3. Interpreting real polynomial terms via the MM construction

We saw in Proposition 5.3 that the real polynomial corresponding to any MM type function can be expressed as
(x, y) =

∑
a∈Fn12

Pa(x)
(
L(φ(a),g(a))(y)

)
. We know that Pa(x) =

(∏
ai=1 xi

) (∏
aj=0(1 − xj)

)
. If z = (z1, z2, . . . , zk) ∈ Fk

2,

t is easy to see
∑

a∈Fk2

((∏
ai=0 zi

)(∏
aj=0(1 − zj)

))
= 1. Corresponding to a Boolean function defined on n variables

= (x1, x2, . . . , xn), we define three non-empty mutually disjoint sets S1, S2 and S3 such that S1 ∪ S2 ∪ S3 = [n] with
Si| = si. Let the variables indexed by elements in Si be denoted as xij and z ∈ Fs3

2 be represented as (z1, z2, . . . , zs3 ). Then

he real polynomial
(∏

i∈S1
xi
) (∏

j∈S2
(1 − xj)

)
can be represented as⎛⎝∏

i∈S1

xi

⎞⎠⎛⎝∏
j∈S2

(1 − xj)

⎞⎠ (5.3)

=

⎛⎝∏
i∈S1

xi

⎞⎠⎛⎝∏
j∈S2

(1 − xj)

⎞⎠
⎛⎜⎝∑

z∈Fs32

⎛⎝(∏
zi=0

x3i
)(∏

zj=0

(1 − x3j )
)⎞⎠
⎞⎟⎠

=

∑
z∈Fs32

⎛⎝(
∏
i∈S1

xi)(
∏
j∈S2

(1 − xj))(
∏
zi=0

x3i )(
∏
zj=0

(1 − x3j ))

⎞⎠ .

This implies that corresponding to an MM type function defined on n = n1 + n2 variables, the polynomial
(b,c)(y)(

∏k1
i=1 xi)(

∏k2
j=k1+1(1 − xj)) can be interpreted as∑ ⎛⎝(
k1∏

xi)(
k2∏

(1 − xj))(
∏

xk1+k2+i)(
∏

(1 − xk1+k2+j))

⎞⎠L(b,c)(y).

a∈Fn1−k1−k2

2
i∈1 j=k1+1 ai=1 aj=0
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We represent it as
∑

a∈Fn1−k1−k2
2

P(1k10k2 a)
(x)L(b,c)(y). Thus, we get⎛⎝(

k1∏
i∈1

xi)(
k2∏

j=k1+1

(1 − xj))

⎞⎠L(b,c)(y) =

∑
t∈Fn1−k1−k2

2

(
P(1k10k2 t)

(x)L(b,c)(y)
)

. (5.4)

These considerations imply the following result.

Proposition 5.9. Let f be an MM function f (x, y) = x · φ(y) + g(x) such that if x = 1k10k2 t then φ(x) = 0 and
g(1k10k2 t) = 0, ∀t ∈ Fn1−k1−k2

2 . Then the polynomial corresponding to the Boolean function f can be written as

p(x, y) =

∑
a∈Fn12 ,a̸ =1k10k2 t

Pa(x)
(
L(φ(a),g(a))(y)

)
,

and the polynomial p′(x, y) = p(x, y) +

(
(
∏k1

i∈1
xi)(
∏k2

j=k1+1(1 − xj))
)
L(b,c)(y) can be written as

p′(x, y) =
∑

a∈Fn12
Pa(x)L(φ′(a),g ′(a))(y), where

φ′(x) =

{
φ(x) if x ̸ = 1k10k2 t for some t
b otherwise,

g ′(x) =

{
g(x) if x ̸ = 1k10k2 t for some t
c otherwise

and this represents another MM type function f ′ which differs from f only in the points 1k10k2 t.
Using this result we can attempt to obtain an MM type Boolean function with a pre-decided real polynomial structure.
e start with the real polynomial of a particular MM type function, and then modifying its corresponding polynomial

by adding
(∏k1

i∈1
xi
∏k2

j=k1+1(1 − xj)
)
L(b,c)(y), keeping in mind the respective necessary constraints we have discussed in

terms of φ and g . This gives us another function f ′ whose structure and its properties can be recovered from f .

5.4. Logarithmic separation

We finally design a method of constructing an MM type function in MMn that has polynomial degree of n− Θ(log n).
efore proceeding to the proof, we derive some more results related to the structure of different polynomials and their
nteraction upon addition.

In the last subsection we observed how given an MM type function f , where φ and g are defined to be zero in many
oints, say all points of the form 1k10k2 t ∈ Fn1

2 then adding a polynomial term of the form
(∏k1

i=1 xi
∏k2

j=k1+1(1 − xj)
)
Lb,c(y)

transforms it to another MM type function f ′ whose map φ′ and sub-function on g ′ differs from f only for the points
1k100k2 t ∈ Fn1

2 . With these observations in mind we analyze a function f1 ∈ MMn such that its polynomial satisfies the
onstraint of Theorem 5.7 and then further add some constraints so as to be able to make modifications as discussed in
Proposition 5.9. We define the corresponding map φ1 and sub-function g1 in the lines of Theorem 5.7:

φ1(x) =

⎧⎨⎩
1n2 if x = 1n1 or x = 1n1−200
0i
n2 if x = 0i

n1
0 otherwise,

g1(x) =

(n1−2∏
i=1

xi

)
(1 − xn1−1)(1 − xn1 ).

(5.5)

This definition differs from the function in Theorem 5.7 in that the map φ1 is defined as 0 in all but n1 + 2 positions.
owever it satisfies all the constraints of Theorem 5.7. This means that the real polynomial corresponding to f0 can be
xpressed as

p1(x, y) = p′

1(x, y) +

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
)
L(1n2 ,1)(y) + Xn1

= p′

1(x, y) +

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
) 1 + Ln2

2
+ Xn1 ,

where p′

1(x, y) defined in the same manner as p′ in Theorem 5.7. Consider the term −Xn1−2
1 xn1−1

1+Ln2
2 which has a degree

of n − 1. If we add the polynomial Xn1−4
1 (1 − xn1−3)(1 − xn1−2)xn1−1

1−Ln2
2 to this term we get

Xn1−4
1 (1 − xn1−3 − xn1−2 + xn1−3xn1−2)xn1−1

1 − Ln2
2

− Xn1−2
1 xn1−1

1 + Ln2
2

= Xn1−4xn −1 − Xn1−4xn −3xn −1
1 − Ln2

− Xn1−4xn −2xn −1
1 − Ln2
1 1 1 1 1 2 1 1 1 2
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+ Xn1−2
1 xn1−1

1 − Ln2
2

− Xn1−2
1 xn1−1

1 + Ln2
2

=

(
Xn1−4

1 xn1−1 − Xn1−4
1 xn1−3xn1−1 − Xn1−4

1 xn1−2xn1−1

) 1 − Ln2
2

+ Xn1−2
1 xn1−1.

This polynomial has degree n− 2, which reduces the degree of the polynomial by 1 and creates 2 terms of the same type
f degree n − 2 and one of degree n − 3. Similarly, if we could modify the other degree n − 1 polynomial in the same
ay it would bring down the overall degree of the real polynomial of the function to n − 2. This modification is central
o our construction method and we now generalize it, starting with defining two generic polynomial structures:

1 p̂(i, s) = (
∏i

j=1 xj)(1 − xi+1)(1 − xi+2)(
∏

j=si
xj), s ⊂ [n] \ [i + 2],

2 p̃(i, u) = (
∏i

j=1 xj)(
∏

j=ui
xj), u ⊂ [n] \ [i].

From these definitions we get the following two relations.

pdeg(p̃(i, u)) = pdeg(p̂(i − 2, u)) = i + |u|, (5.6)

p̃(i, u) = p̃(i − k, uk) where uk
= u ∪ {i, i − 1, . . . , i − k + 1}. (5.7)

Then corresponding to any p̃(i, u)
1+Ln2

2 , we have

p̃(i, u)
1 + Ln2

2
+ p̂(i − 2, u)

1 − Ln2
2

(5.8)

=p̃(i − 2, u)
1 + Ln2

2
− p̃(i − 2, u)xi−1

1 + Ln2
2

− p̃(i − 2, u)xi
1 + Ln2

2
+ p̃(i, u)

=p̃(i − 2, u)
1 + Ln2

2
− p̃(i − 2, u1)

1 + Ln2
2

− p̃(i − 2, u2)
1 + Ln2

2
+ p̃(i, u),

where |u1| = |u2| = |u + 1|. Then this addition of the polynomial p̂(i − 2, u)
1−Ln2

2 reduces the degree of the polynomial
y 1 and forms two similar terms of degree 1 less, one term of degree 2 less, and one term that is only defined on x and

therefore has degree less than n1. Next we note another property of p̂ before proceeding with the final proof.

Lemma 5.10. Corresponding to the polynomial p1 of an MM function f1 where φ1 is nonzero in only the points 1n1 , 1n1−2, 0i
n1

such that f1 ∈ MMn (s(f , 1n) = n) then adding of any arbitrary number of polynomial terms p̂(i, u)(
1±Ln2

2 ) to p1 transforms it
to another MM Boolean function in MMn, provided that for any two added polynomial terms p̂(i1, u1) and p̂(i2, u2) we have
|i1 − i2| ≥ 2 and i < n1 − 2, ∀ p̂(i, u).

Proof. Consider any two p̂(i1, u1) and p̂(i2, u2) with i1 ≤ i2 − 2. Then, from Eq. (5.4) we have that adding p̂(i1, u1)(
1±Ln2

2 )
and p̂(i2, u2)(

1±Ln2
2 ) to a polynomial corresponding to an MM function only works (the resultant function is still in MMn)

if φ(x) = 0 for all x such that p̂(i1, u1)(x) = 1 or p̂(i2, u2)(x) = 1 and moreover p̂(i1, u1) and p̂(i1, u1) should not both
return 1 for any input x.

The first condition is true as any polynomial of the type p̂(i, u) can only return 1 if both xi+1 and xi2 are set to 0. This
annot happen for any critical point as their weight is minimum n1 − 1. And since we have defined i < n1 − 2 none of
hese polynomials can return 1 for the point 1n1−200.

Also for any two polynomials p1 = p̂(i1, u1) and p2 = p̂(i2, u2) with i1 ≤ i2 − 2 they cannot both be 1 for any input
a ∈ Fn1

2 for the simple reason that for p1(x) to be 1, xi1 and xi1+1 should be set as 1 and for p2(x) to be 1 both xi1 and xi2
hould be set to 0, by definition. This completes the proof. □

Finally, we use the results and equations we have defined so far to develop a stepwise construction technique to obtain
a function with s(f ) = n and pdeg(f ) = n − Θ(log n).

Theorem 5.11. There exists a Boolean function f ∈ MMn with pdeg(f ) = n − Θ(log n).

Proof. We define the function f1 as in Eq. (5.5) and the corresponding polynomial is
p1 = p′

1(x, y) +

(
Xn1−2

1 − Xn1−2
1 xn1−1 − Xn1−2

1 xn1
)
(
1+Ln2

2 ) + Xn1
1 where deg(p′) = n1 + 1.

We start with f1 and recursively reduce the polynomial degree by adding polynomials of the form p̂(i, u) where i starts
ith n1 − 3 and decreases by 2 with every new polynomial that we add. The terms Xn1−2

1 (
1+Ln2

2 ), Xn1−2
1 xn1 (

1+Ln2
2 ) and

Xn1−2
1 xn1−1(

1+Ln2
2 ) can all be expressed polynomials p̃(i, ui)(

1±Ln2
2 ) for some ui. Here i = n1−2. We also know from Eq. (5.6)

that any such polynomial can also be represented as some p̃(i − k, uk)(
1±Ln2 ).
i 2
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Then corresponding to the term (−1)c p̃(i − k, uk
i )(

1+(−1)dLn2
2 ) we add the polynomial p̂(i − k − 2, uk

i )(
1+(−1)c+d+1Ln2

2 )
and this results in at most 3 new polynomial terms of the form p̃(i − k − 1, uk

i
′) of degree at least one less (specifically

one polynomial of degree 2 less and two polynomials of degree 1 less). For each new polynomial we add, if the last
polynomial that we added was p̂(i, u)(

1±Ln2
2 ), then the next polynomial is p̂(i − 2, u′)(

1±Ln2
2 ), where u and u′ depend

n the lower degree polynomials that form. Therefore for any defined n1 we can at most add ⌊
n1−2

2 ⌋ polynomials. This
olynomial term addition is valid and the modified function is still in MMn as we have shown in Lemma 5.10.
At the first step we have 3 such polynomial terms to which we add a p̂ polynomial. Then, at the ith step, if we

have 3i polynomials of the form p̃ of degree n − i. Corresponding to each such, we add polynomials p̂(k, u) where
1 − 3i

≥ k ≥ n1 − 3i+1 for each polynomial p̃(k + 2, u), and this would form 3i+1 polynomials of degree at most
− (i + 1). This step can at most be continued for z iterations, where

∑z
i=1 2 × 3z

≤ n1 − 1, that is, z ≤ log3(n1 − 1). If
e fix n1 =

n
2 this gives us a function in MMn with polynomial degree n − log3(

n
2 ) = n − Θ(log n). □

It is easy to see that when we have not used some k bits of x as the zero bits in p̂, our modifications do not affect the
map φ in the point with at least any two of those k-bits being zero. This gives us the following corollary.

Corollary 5.12. There are Ω

(
22k
)
functions in MMn with polynomial degree n− log3(

n
2 )+ log3(k) that we can recover using

he construction method of Theorem 5.11.
Furthermore, any such function can then be recursively amplified to obtain a class of functions with super-linear

eparation between s(f ) and pdeg(f ). On an interesting note, the recursive amplification generally works on a single
unction to obtain f n. In this case, we can use different functions f di to get f d+1, because of the fact that we are able
o recover large number of functions for a given polynomial degree, albeit within logarithmic distance and all of these
unctions will have full sensitivity in the all 1 input point. We thus have the following theorem.

Theorem 5.13. For any k, we can construct several functions with s(f ) = kn and pdeg(f ) = dn where k−Θ(log k) ≤ d ≤ k−1.

Proof. We defined the class MMn such that s(f , 1n) = n so that f (1n) = 0 and f (1i
n) = 1. Then the function f (x) = f (x)⊕1

lso has full sensitivity at the point 1n and f (1n) = 1 and f (1i
n) = 0. The corresponding polynomial p =

1−p
2 and the degree

remain unchanged.
For convenience, we write f in lieu of f below. It is easy to see by induction if s(f d, 1nd ) = n with f (1nd ) = 1 then the

ame follows for f d+1. This is because

f d+1
=
(
f (f d(x1, . . . , xnd ), f

d(xnd+1, . . . , x2nd ), . . . , f
d(x(n−1)nd+1, . . . , xnd+1 )

)
.

Then f d+1(1nd+1 ) = 1 and for any point f d+1(1i
nd+1 ) any one of the functions f d will return 0 and the rest will return 1.

Thus the input to the function f is 1i
n and thus f will output 0. It is easy to see that if pdeg(f d) = kd then pdeg(f d+1) = kd+1

and this does not require further elaboration.
In fact, for any s(f ) = k and pdeg(f ) = n− log3(

k
2 )+ l, we can choose any of the 22l functions we have and that will lead

to constructions of this kind. Therefore the total number of such functions will be (kn)2
2l

= Ω(kn2
k
) (as l = O(log k)). □

The fully sensitive function with s(f ) = n − Θ(log n) that is
(
⌊
n
2⌋ − 2

)
-resilient:

Note that the resulting function in Theorem 5.11 is still a Maiorana McFarland Type function f ∈ MMn where the
minimum weight of φ can be as high as ⌊

n
2⌋ − 1 as the condition on MMn is that wt(φx) ∈ {n2, z} where z ≡ 0

od n2 + 1. Now if we fix n2 =
n
2 then we can have minx∈Fn12

wt(φ(x)) = ⌊
n
2⌋ − 1. Now this directly implies the function

is
(
⌊
n
2⌋ − 2

)
-resilient as it belongs to the Maiorana McFarland class.

Finally we extend our constructions and results for super-constant orders of sensitivity.

5.5. Extending to super-constant higher order sensitivity via the MM construction

We have so far observed the situation where we have defined a function on n variables in the MM class as f (x, y) =

(φ(x) · y) ⊕ g(x) where x ∈ Fn1
2 and y ∈ Fn2

2 with n1 + n2 = n. The simplest interpretation is choosing a linear function in
(or its complement depending on g) corresponding to each point x ∈ Fn1

2 . We can extend this to nonlinear functions in
being fixed with respect to the points in y.
In order to define this, we first define 2n1 activator functions in Fn1

2 , defined as aca(x) =
∏n1

i=1(xi ⊕ ā), a ∈ Fn1
2 . Thus, we

have ac(x)a = 1 if and only if x = a. Then, we can define any MM function with nonlinear functions in y in the algebraic
normal form as f (x, y) =

⨁
a∈Fn12

(aca(x) · ga(y)) , where ga : Fn2
2 → F2, ∀a. Then the real polynomial corresponding to

the function f (x, y) can be written as p(x, y) =
∑

a∈Fn12
Pa(x)ĝa(y) where Pa is as defined in Eq. (5.1) and ĝa : Fn2

2 → R is
the real polynomial corresponding to the function ga. Now let us discuss some sufficient conditions to obtain kth order
sensitivity by choosing the g functions.
a
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5.6. Obtaining kth order sensitivity

We start by defining a function in Fn2
2 that is kth order sensitive itself. We define this function as symk

n2 : Fn2
2 →

F2, k ≤ n. The algebraic normal form of the function contains all degree i, 1 ≤ i ≤ k monomials. For an example
sym2

4(y) = y1 ⊕ y2 ⊕ y3 ⊕ y4 ⊕ y1y2 ⊕ y1y3 ⊕ y1y4 ⊕ y2y3 ⊕ y2y4 ⊕ y3y4. Next we observe the sensitivity order of
his function.

Lemma 5.14. The function symk
m is a function defined on m variables. kth order sensitive around the all zero input point 0m.

Proof. We have symk
m(0m) = 0 by definition. Now it suffices to see for any input point b ∈ Fm

2 that can be obtained by
flipping i ≤ k bits of 0m returns true for an odd number of monomials of symk

m, in which case we will have symk
m(b) = 1.

his can be verified as follows.
Any input point obtained by flipping i points in 0m has exactly i variables set as one and the rest as zero. These i values

ill return 1 for i monomials of degree 1,
( i
2

)
monomials of degree 2, and so on. Thus the total number of monomials for

hich it will return 1 is
∑i

j=1

(i
j

)
= 2i

− 1, which is odd for all values of i > 0. This completes the proof. □

Next we define an MM type function MMk
n with nonlinear functions in y, which is kth order sensitive.

Lemma 5.15. Any function f : Fn1+n2
2 → F2 with the algebraic normal form f (x, y) =

⨁
a∈Fn12

(ca(x) · ga(y)), where

1n1 = symk
n2 and ga = 1 for all a ∈ Fn1

2 : n1 > wt(a) ≥ n1 − k is kth order sensitive.

Proof. We show that the function is kth order sensitive in the point (a, b) = (1n1 , 0n2 ). We have f (1n1 , 1n2 ) =

symk
n2 (0n2 ) = 0. Now, we consider any input that can be obtained by flipping at most k bits of (1n1 , 0n2 ). There can

be two cases.
All bits are flipped in y: In this case the input point is of the form (x′, y′) =

(
1n1 ,

[
0n2

]
k

)
for which the output is of

the form f (x′, y′) = symk
n2

([
0n2

]
k

)
which is 1 from Lemma 5.14.

At least one bit is flipped in x: Any such point is of the form (x′, y′) =

([
1n1

]
k ,
[
0n2

]
k−1

)
. Then the output of the

function is of the form f (x′, y′) = g[1n1 ]k (y) = 1.
This shows that the output of the function is flipped if any 1 ≤ i ≤ k of the input bits are flipped at the point

1n1 , 0n2 ). □

From here on we fix n1 = ⌈
n
2⌉ and n2 = ⌊

n
2⌋. One should note that these choices are quite flexible up to a point, with

o significant effect on the results.

5.7. Reducing the polynomial degree

Finally we extend the technique of Section 5.4 to obtain non-constant separation between number of variables and
real polynomial degree in functions with super-constant order of sensitivity.

Theorem 5.16. There exists a kth order sensitive function in MMk
n with n −

log( n
2 −k)−log k

k real polynomial degree.

Proof. We construct the corresponding function analogous to the result for first order sensitive functions defined in
Theorem 5.11.

We start with partial description of an MM type function f : Fn1+n2
2 → F2 with nonlinear functions in Fn2

2 attached
o the points in Fn1

2 . As we have discussed, this function can be written as f (x, y) =
⨁

a∈Fn12
(aca(x) · ga(y)), where

ga : Fn2
2 → F2, ∀a, and the corresponding real polynomial is written as p(x, y) =

∑
a∈Fn12

Pa(x)ĝa(y) where ĝa(y) : Fn2
2 → R

is the real polynomial corresponding to ga(y).
The function f has ga defined for all points with wt(a) ≥ n−k, which consists of

∑k
i=0

(k
i

)
points, with g1n2 = symn

k . Let
us denote by ŝymn

k(y) the corresponding real polynomial. Then the real polynomial corresponding to symn
k is 1− ŝymn

k(y).
From this point our construction is analogous to that of Theorem 5.11. In case of first order sensitivity, the polynomial

terms we added to reduce the degree was of the form⎛⎝ j1∏
i=1

(xi)(1 − xj1+1)(1 − xj1+2)
∏
j∈S

xj

⎞⎠ g(y),

where g(y) ∈ {
1+Ln2

2 ,
1−Ln2

2 } and S ⊆ [n1] − [j1 + 2] so that high degree polynomial terms cancel out.
In case of kth order sensitive function, any new polynomial term that we add will be of the form
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T (j, S) =

⎛⎝ j∏
i1=1

(xi1 )
j+1+k∏
i2=j+1

(
1 − xi2

)∏
i3∈S

xi3

⎞⎠ g(y),

where g(y) ∈ {ŝymn
k(y), 1 − ŝymn

k(y)} and S ⊆ [n1] − [j + k + 1].
Let us suppose the total degree of the constructed polynomials at some point is n′. If we add a term of the form T (j, S)

that cancels out a polynomial term of degree n′, then it creates
( k
i−1

)
terms of degree n′

− i where 0 < i < k. Moreover
ith a new polynomial term that is added, the value of j reduces by k and as we know j ≥ 0. Then we have the following

ower bound on how much can we reduce the polynomial degree of the function depending on the value of k.
Let us assume the polynomial degree of the function is n− p. To reduce the polynomial degree by p we have to cancel

(2k
− 1)p terms, and adding such a term will reduce the value of j by k. Let us assume that n1 =

n
2 . Then we have

k · (2k
− 1)p =

n
2

− k

H⇒ log(k) + p log(2k
− 1) = log

(n
2

− k
)

H⇒ log(k) + pk ≥ log
(n
2

− k
)

H⇒ p ≥
log
( n
2 − k

)
− log(k)

k
.

Thus, even if we have k = o(log n) we get a non-constant separation between number of variables n and the real
olynomial degree n − p. □

6. Conclusion

In this paper we study the interplay between cryptology and complexity theory through the immediate connection
of resiliency and polynomial degree and use it to study the sensitivity-polynomial degree trade-off. In this direction we
extend the notion of sensitivity to higher order for Boolean functions f of n variables (a first order sensitive function is a
fully sensitive function). Through the connection between the techniques from two domains, we obtained the following
results.

First, using the recursive amplification method we design highly resilient functions with good nonlinearity that has
only O(n) circuit size and O(log n) depth. These functions are good candidates for implementation of Boolean functions
with large number of variables in lightweight cryptographic primitives.

Next using results in resiliency we study the s(f )-pdeg(f ) relation in small number of variables (upto 10). We obtain
complete characterization for n = 6 and settle the nonexistence of (7, 1, 3)-functions. We also obtain new (9, 1, 4)-
functions by studying rotation symmetric functions that differ from the functions obtained through recursively amplifying
a (3, 1, 2)-function.

Then we study the relation between the number of variables n and the polynomial degree of a kth order sensitive
function. Because of resiliency-polynomial degree connections, adding the all variable linear function to f gives us a kth
rder dual sensitive function g . Using a recursive amplification method borrowed from complexity theory, we can get
uper-linear separation between n and pdeg(f ) for functions with constant order sensitivity, but that it fails whenever
he sensitivity order is super-constant. Then we use a connection between resiliency and polynomial degree, along with
he Maiorana-McFarland construction, when k is either a constant or grows slowly with the number of variables n
k = o(log(n))), to obtain several results such as non-constant separation between n and the real polynomial degree
or functions with super-constant order of sensitivity. To the best of our knowledge this is the first time such generalized
esults have been shown. Our extension to higher order sensitivity is connected to variable (total) influence, as well as
oise sensitivity of Boolean functions, which are relevant to cryptography and other areas. It would be interesting if some

other constructions can be developed that strengthens the separation between the mentioned concepts.
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